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Data, Feature

- O|O|H &g (dataset)
o of
o
- HE(Sample)
« QUAEA(Instance) sample T: 100
- OO = QIE{(Data pointer)
o« H
=

feature : 8
- EX/Ed(feature) T

Eg Xl’ XZ) XB’ e
HIZ=AL 24 ‘ Ma | ARBZIZE | HZIE | =742 = AX7H
1| oich AUAL | B | 5.6 3,200 | 78,000 | 7k&2 | 50,000,000
2 | 7ot s | ™A | 3.0 2,100 | 30,000 | C|™ 45,000,000
3 | 2=AM | SM6 | EM | 2.2 1,300 | 2,000 | 7k&& | 37,000,000
4 | 48 ElZ2| ‘ M 7.3 1,450 63,000 & 41,000,000
100 | =2 E | WY | 45 1,320 44,000 7t& 39,000,000
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Data, Feature

« £0|zt(Outlier)
. MAMEO| HZEZ HOLt Z}

« AZ=4f(Missing value)
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3 | 2:AM | SM6 sy | 2.2 1,300 | 2,000 e 37,000,000
4 | A8 El=2| sy | 7.3 1,450 | 63,000 | 7pa@ 41,000,000
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Feature, Label

* Example) S17t4 0| =
8712| &% (feature) 0| &5t &1714 0=
« Feature vector: 87 £3 F2 HIE
« Label (QE): 317+
+ Labeled data: M Ef(label) =& =l [ O|E
0| =4k (Prediction): HAl2{d REO| o =ot 510 74
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HIZ=AL 24 Ma | ARBZIZE | HZIE | =742 = AX7H
1 Sich HHAA | A 5.6 3,200 78,000 7ted 50,000,000
2 7|0t 7 HEM | 3.0 2,100 30,000 CI& 45,000,000
3 2L | SM6 -1 » 2.2 1,300 2,000 e 37,000,000
4 | 48 ElZ2| M v 7.3 1,450 63,000 & 41,000,000
100 | =2 E It | 4.5 1,320 44,000 e 39,000,000
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X| & gt & (Supervised Learning)
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X| & gt & (Supervised Learning)

C
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H| X| & St& (Unsupervised Learning)
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H| X[ & &} &5 (Unsupervised Learning)
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« =0T Sl El(state)0| 1 A(reward)= Z[CHZt o= = COHS
W S(action)= StEA7|= S HE

+ Agent: &&%t= TH|(ex. EX)

« Environment: Agent’ S5t= 28 (ex. 20| 82|0[&= 571
Observation: AgentZ} GiXlf 2tZ 0| A £ESH= HE (ex. 7t 2t &)
» Action: AgentZ {1E8St= dS(ex. =AM & 7], 0| S)

« Reward: s 210 CHot H(ex. M X =2 +10, = -100)
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& 2} Sh& (Reinforcement Learning)

« AgentZ} DXl 2t (Environment) 2HE (observation)
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Artificial Neural Network and
Deep Learning
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Lt ®=(input)

« StLt2| = (output)

« 7F=X|(weights)
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« I E Z(Perceptron)

|
S

n A
i W 2 bol# g

QU x| gtod g
(P} ax

solgte R Y
(Net input function)  (Activation function)

Weight: w; 7S Al(Weighted sum):
Input: x; XaW1 T XoWp + -+ X Wy

Net input function:
Wq + X1Wq + Xo W5 + -+ XnWn
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g3t 4

e Activation function
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 Artificial Neural Network (ANN)
« AR Z|o] mEH FXE FadiM ThE KAl d 2 E
- 03 215 REMMEE) HZGiA HIO|H2| o H

« Example) OIIZtE 7+4

Ol =ot= =X
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- 2 3%t & <> |
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Sk 24 A ' . =
Hekp) 273 72 o=
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- Example) SW d=0| [ E &2 20 o=
. 67| HO|E 2 8
N P

AnEQ o] i £of F0f £F X2
UMY EZF7IsAb | IF7IsAE | EE7IER | 1E7IERt 7IEAt

HI0(HeHy) |y 2.6 3.1 43 6.5 8.4 11.2
swZH(E$) | x 0 3 5 8 10 13

2TER0 7Y 20F 2 &

12 12
10 i 0.2
8.4 A
k)
g
D 43
ol 4 - il - 1 T -
26
70
. b
0 $ :
0 2 4 6 8 10 12 14

swE(d+)
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e Loss Function
- DEO 0=0| HofLt ER=X[E LiEIL= &=
« Ex) Mean Squared Error (MSE)
« Loss = (AN - 0=zdhH2e H

. Loss7} S 0% HE

o= Zat

© 0 @
£&MZt=f(Y_pred, Y)
x| P O.‘ @ ? -< >-
O @ @
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Summary

Artificial Intelligence

Machine Learning

Artificial Neural Network

Deep Learning
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